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import org. apache. spark.mllib. evaluation. _
import org. apache. spark.mllib. tree. _
import org. apache. spark.mllib. tree. model. _
import org. apache. spark. rdd. _
def getMetrics(model: DecisionTreeModel, data:
RDD[LabeledPoint]) :
MulticlassMetrics = {
val predictionsAndLabels = data. map (example
=>(model. predict (example. features)
example. label))
new MulticlassMetrics (predictionsAndLabels)
}
val model = DecisionTree.trainClassifier (
trainData, 7, Map[Int, Int] (), "gini", 4, 100)
val metrics = getMetrics(model, cvData)

val Array (trainData, cvData, testData) =
data. randomSplit (Array (0.8, 0.1, 0.1))
trainData. cache () cvData. cache ()
testData. cache ()
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import org. apache. spark. rdd. _
def classProbabilities(data: RDD[LabeledPoint]) :
Array[Double] = {
val countsByCategory = data.map(_. label)
. countByValue ()
val counts =countsByCategory. toArray. sortBy
(. 1).map(._2)
counts. map (_. toDouble / counts. sum) }
val trainPriorProb = classProb (trainData)
val cvPriorProb = classProb (cvData)
trainPriorProb. zip (cvPriorProb). map {
case (trainProb, cvProb)=>trainProb*cvProb
}. sum
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val evaluations =
for (impurity <- Array("gini", "entropy");
depth <= Array (1, 20);
bins <= Array (10, 300))

yield {
val model = DecisionTree.trainClassifier (
trainData, 7, Map[Int, Int] (), impurity
depth, bins)

val predictlLabels=cvData.map (example=>
(model. predict (example. features),
example. label))
val accuracy =
new MulclassMetric (predictlLabels).preci
(Cimpurity, depth, bins), accuracy)
}

evaluations. sortBy (_. 2).reverse. foreach (print)

BRI R, BETALLBSHNREEER:
et EERAE, RARERN20, #HHA300, XA
BEIRERE 791, 2%.

w=fa, ABEMNBSHEMAENSGEMCVE L
BRI B G RImEABRE I TITAE :

; val model = DecisionTree. trainClassifier
i (trainData.union(cvData), 7, Map[int, Int] O,
é "entropy"”, 20, 300)

EERBBIRERT RIS/ CVE/MXEFRE
WHERIERE, EEMNEEIEANBHER R EIBED
B ATHIR (soil) FHEBIONTEHIEE, RE
WEEBKBROWEMEN0. ERATENER, BN
IREPTHIRE E30—HADR KM BE IFHI R R IRE -

RfE, EIIEEM oV EEREREREWNT:

for (impurity <- Array("gini", "entropy");
depth <= Array (10, 20, 30);
bins <= Array (40, 300))
val model = DecisionTree. trainClassifier (
trainData, 7, Map(10 —> 4, 11 => 40),
impurity, depth, bins)
val trAccur = getMetri (model, trData).precision
val cvAccur = getMetri (model, cvData).precision
((impurity, depth, bins), (trAccur, cvAccur))
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FEHLRSEFRHA :

é val forest = RandomForest.trainClassifier (
: trainData, 7, Map(10 => 4, 11 => 40), 20
"auto”, "entropy", 30, 300)

XEHEMTEIMHSH. F—IMREQESD
B, XEZ20. FZNMHSHERERENEEN
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ZHER, E %9 5 2 DecisionTreeModel
RandomForestMode | 3% . XA MERIITR AR L&A
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3—1¥, predict ) JF3EIES—Vector, E @I
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val input =

"2709, 125, 28, 67, 23, 3224, 253, 207, 61, 6094, 0, 29"
val vector =

Vectors. dense (input. split (", ") .map (_. toDouble))
forest. predict (vector)




